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Conclusions and Future Work

for: = 1,2. It ¢; and e¢5 are known to the transmit-
ters, the encoding functions can be chosen to have

. "y These results essentially show that the problem in
rates governed by (). However, it is unrealistic for
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Our primary interest is to investigate whether there
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channel. However, the universality of these ensem-

. | —]95\(61 x)] 5\(62 vi) Yi+1 = ( — p) + pA(er, xz)] A(€2,¥i), Preprint, Aug 2008
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studied well in the l1t§rature.. Hence, the questionof  yhere M(e,z) = A (1 — (1 — €)p(1 — 2)) . where Me, ) = A (1 — (1 — e)p(1 — z)). ?;%4 ngr toza,s(;lgre D e e
whether one can design a single graph based code
and a decoding algorithm capable of universal per-
formance is an open question.
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